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Grundlag for tilbagekobling (»bedammelse«)

Egenskaber og ferdigheder (»laeringsmal«)
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Arlighed

»Bedommelsesgrundlaget skal vaere gyldigt«



Holdbarhed

The amount of energy needed
> to refute bullshit is
an order of magnitude bigger than that needed

to produce it. for 2022 efter 2022
— Alberto Brandolini, 201 3.

t(produktion) dage sekunder

lls peuvent

>> en quelques mots exposer une verité incomplete ; et,
pour montrer qu’elle est incomplete,
il nous faut de longues et arides dissertations.

t(feedback) timer dage

verbal intelligens
konformitet

—Frederic Bastiat, Sophismes économique, 1863. signalerer investeret tid

social kapital

adgang til en stor
sprogmodel

»Bedommelsesgrundlaget skal kunne behandles effektivt. «
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Grundlag for tilbagekobling (»bedemmelse«)
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Generativ ki er en »styrkefordobler«




Hvilke faerdigheder!?



Signalering

»dignalet er ikke egenskaben«
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Kan i otte timer lobe vandret

Egenskaben # signalet

Signalering gavner begge organismer

Signalet skal vaere »dyrt« (= svert at foregogle)
men nemt at aflaese
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Kvalitet pa leverencen

Intelligent
Flittig (arbejdsom, ordentlig)
Dygtig (opfylder leeringsmal)

Social status
Rar
Social kompetent



Kvalitet pa leverencen
stil,

analyse

billede

digitalt artefakter

Skriftlig opgave uden tilsyn har nu ingen signalvardi

»Ring en ven« & uklanderlig prosa er demokratiseret
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Hvad kan vi gore
Hvad bor vi gore

Hvad vil vi gore?



Hvad kan vi gore
Hvad bgr vi gore

Hvad vil vi gore?
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Educational Objectives, Cognitive Domain (Bloom1956)
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Spekulation: meget mere darlig kode

Paen

Pae

Skidt fra kanel:
Overfladevirkning

Datalogi
Nu Snart




Spekulation:
programmeringens endeligt?

RLHF (»operant betingning ved mennseklig tilbagekobling«) > beregningstaenkning?
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Eliza 1s a mock Rogerian psychotherapist.
The original program was described by Joseph Weizenbaum in 1966.

This implementation by Norbert Landsteiner 2005.

ELIZA: Is something troubling you ?

YOU:

ELIZA:

YOU:

ELIZA:

YOU:

ELIZA:

YOU:

ELIZA:

YOU:

ELIZA:

YOU:

Men are all alike.

What 1s the connection, do you suppose ?
They're always bugging us about something or other.
Can you think of a specific example 7
Well, my boyfriend made me come here.
Is it important to you that your boyfriend made you come here ?
He says I'm depressed much of the time.

I am sorry to hear that you are depressed.
It's true. I am unhappy.
Can you explain what made you unhappy ?

AAAAA
AA  AA
AAAAAAA
AA  AA
AA  AA

—Feigenbaum, Eliza, 1964



Hvordan virker Eliza?

key: remember 5
decomp: * 1 remember x
reasmb: Do you often think of (2) ?
reasmb: Does thinking of (2) bring anything else to mind ?
decomp: *x do you remember x
reasmb: Did you think I would forget (2) ?
reasmb: What about (2) ?
reasmb: goto what

pre: equivalent alike
synon: belief feel think believe wish




Hvordan virker GPT?
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We use the same model and architecture as GPT-2, including the
modified initialization, pre-normalization, and reversible tokenization
described therein, with the exception that we use alternating dense
and locally banded sparse attention patterns in the layers of the
transformer, similar to the Sparse Transformer. To study the
dependence of ML performance on model size, we train eight different
sizes of model, ranging over three orders of magnitude from 125
million parameters to | /75 billion parameters, with the last being the
model we call GPT-3. Previous work suggests that with enough training
data, scaling of validation loss should be approximately a smooth
power law as a function of size; training models of many different sizes
allows us to test this hypothesis both for validation loss and for
downstream language tasks.



We use the same model and architecture as GP1-2, including the
modified initialization, pre-normalization, and reversible tokenization
described therein, with the exception that we use alternating dense
and locally banded sparse attention patterns in the layers of the
transformer, similar to the Sparse Transformer.

we train

enough training
data, scaling of validation loss should be approximately a smooth
power law as a function of size;
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